
N D l t i R h h B d B h i l A tNew Developments in Rorschach-Based Behavioral Assessment
Gregory J. Meyer and Donald J. Viglione



Why the Rorschach?

• The Rorschach? Really?

• Why? Because the task provides a standardized, in vivo 
sample of perceptual and verbal problem-solving behavior 
– Inkblots were artistically created and enhanced, carefully 

selected and pilot testedselected, and pilot-tested
– Stimuli are structured to provide multiple suggestive but 

incomplete or imperfect perceptual likenesses that form 
competing visual images

• The task is to examine the stimuli and answer the question: 
“What might this be?” 
– The answer provides 

• a visual attribution
• a verbal explanation or elaboration
• a range of behaviors interacting with the stimuli and examinerg g



Why the Rorschach?

• These verbal, perceptual, and interactive behaviors can be: 
– Coded and compared to normative expectations
– Understood as direct but unique observation of task behavior
– Analyzed idiographically for content, imagery, and sequence

Ad i i i h k ll h i b h• Administering the task allows the examiner to observe what 
the person does, not learn what he thinks he does

Th th t k i bl b i f t bl b h i l• Thus, the task is a reasonably brief, portable, behavioral 
experiment that can be used in various clinical settings 
– e.g., a private office, hospital room



Why the Rorschach?

• As a behavioral task, the most valid inferences are 
those in which the behaviors observed and coded in 

fthe microcosm of the task generalize to parallel 
mental, verbal, perceptual, and interactive behaviors in 
the external environment

• The place of Rorschach data in an assessment
– Like other performance tasks, coded behaviors may reflect p , y

implicit qualities not recognized by the respondent
– Rorschach scores can thus complement consciously 

recognized self-report characteristics 
– Because Rorschach scores are at best just modestly 

correlated with self-report data, valid scores provide 
unique information about personality that can add 
incrementally and meaningfully to self-reported informationincrementally and meaningfully to self reported information



Why R-PAS?

• R-PAS = Rorschach Performance Assessment System
– Don Viglione, Joni Mihura, Bob Erard, Phil Erdberg, & meg , , , g,

• Disclosure: We have a financial stake in the system
– Four of us worked on Exner's Research Council for the 

Comprehensive System (CS), which ran from 1997-2006
– R-PAS significantly extends the work began in that group

• Our goal is to have a clinically rich, evidence-based, g y , ,
logically transparent, user-friendly, internationally-
focused system available for applied practice

• Unlike the CS, R-PAS can and will evolve in response 
to evidence and needs



R-PAS Highlights

• Four Criteria for Variable Selection:
– Empirical support in validity meta-analysis 

and synthesis of other research findings 
– Clear conceptual link between coded 

response processes and interpretation
R h l i l ti• Response processes = psychological operations 
involved in producing the coded behavior

– Support from clinical experience based on aSupport from clinical experience based on a 
large survey of experienced practitioners

– ParsimonyParsimony



Main Validity Meta-analysis

• Review of 70 major CS variables 
– Mihura, Meyer, Dumitrascu, & Bombel (2011), y , , ( )
– Identified all instances of any hypothesized association
– Reliably classified their construct relevance (κ= .79)
– # of findings =1,229; total N = 20,363g , ; ,

• As expected, scores are more associated with 
externally-assessed criteria than self-report criteria:
– Self-assessed r = 06Self assessed r  .06
– Externally-assessed r = .24

• e.g., observer ratings, psychiatric diagnosis 
• As expected validity varies by score; e gAs expected, validity varies by score; e.g.,

– Good: X-%, WSum6, Lambda, EA, MOR
– Poor: Zd, PSV, Egocentricity, Isolation Index



R-PAS Highlights

• The Four Variable Selection Criteria Lead to: 
– 13 Response-Level Coding Categories13 Response Level Coding Categories 
– 60 Protocol-Level Scores that are Profiled
– 2 Levels of Emphasis in the Profiled Output

• Page 1 = Primary interpretive emphasis• Page 1 = Primary interpretive emphasis 
• Page 2 = Tentative interpretive inferences

• Relative to the CS:
S d d– Some scores were dropped 

• e.g., Hx, PSV
– Some were reconfigured

l d f d i f h di• e.g., no longer code form dominance for shading
– Six new codes added

• SR, SI, MAH & MAP, AGC, ODL













R-PAS Highlights

• R-Optimized Administration
– Before Test: Ask for “two, maybe three responses” , y p
– During Test: Prompt for 2, Pull after 4 & Give reminder
– Designed to have R in range of about 18 to 28 
– Secondarily allows better ability to document when people y y p p

have difficulty giving or inhibiting responses
• Initial Research:

– Greatly reduced short & long records; so smaller SD for Ry g ;
– Eases the administration task 

• Virtually no re-administration
– Very little effect on other variablesy
– Allows norms to better fit all protocols

• And thus are better able to identify deviations from norms
– Potential for less examiner variation across sites



R-PAS Highlights

• Clearer and more detailed guidelines for 
T t d i i t ti– Test administration

• e.g., rapport, prior exposure, documentation
Response clarification– Response clarification

• Goal: To be able to code with “reasonable 
certainty,” not to “see it the way you do”

• Questions should target specific coding 
uncertainties

– Coding– Coding
• Basic and Advanced chapters

– e.g., detailed principles; consistent use of threshold 
b h k lbenchmark examples



R-PAS Highlights

• FQ tables developed with internationally 
ll t d d t Fit d Fcollected data on Fit and Frequency

– Fit: Judgments of how easily objects are seen
– Frequency: How often objects are 

spontaneously reported
– Tables are quite different from CS
– Initial data show validity on a par with CS but 

h ld h t i t ti l tilitshould have greater international utility
– FQ tables organized in a user-friendly format



R-PAS Highlights

• Use contemporary internationally collected 
d lt ti d t f 15 ladult normative data from 15 samples

– Based mostly on contributions to 2007 JPA 
S l t R f D t f th CSSupplement on Reference Data for the CS

– Caveat: Modeled to fit R-Optimized admin
– Caveat: No good normative data for children



R-PAS Highlights

• Visual display of profiled results 
Places all scores on a common metric– Places all scores on a common metric

– Convert raw scores to percentiles 
• Does not alter the underlying distributionsy g

– Convert percentiles to normalized Standard 
Score equivalents with M = 100, SD = 15

Sli htl difi th di t ib ti t h i• Slightly modifies the distributions to emphasize 
deviations at the extremes and de-emphasize them in 
the average range

• Complexity-Adjusted Scores
– Provides a way to see what is atypical given a 

very complex or a very simple recordvery complex or a very simple record



Normative Translation Examples 

Variable Raw Score Percentile Normal SS
Equivalentqu a e t

Dd 1 15.5 85
3 47.5 99
6 80 1 1136 80.1 113

Texture 0 27.5 91
1 68.4 107
2 88.5 118

FQ-% 03% 15.8 85
09% 52.1 101
16% 84.0 115







R-PAS Highlights

• Secure online scoring program
– www.r-pas.org
– Accessible from any web-enabled device

Clinical Teaching or Research Accounts– Clinical, Teaching or Research Accounts
• Cost: Varies from free to $5 per protocol

– Does not require any Protected Health InfoDoes not require any Protected Health Info
– Protocols can be saved, deleted, shared, or 

exportedp
– Translations underway into multiple 

languages



R-PAS Highlights

• Overall, R-PAS allows users to make 
i f d i f b t litinformed inferences about personality, 
perception, and cognitive processes by 

i l f b d blcomparing a sample of observed problem-
solving behavior obtained in a 
t d di d t t t i t ti llstandardized context to internationally 

based expectations

www.r-pas.orgp g
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